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Mesh Layouts for Block-Based Caches
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Abstract—Current computer architectures employ caching to improve the performance of a wide variety of applications. One of
the main characteristics of such cache schemes is the use of block fetching whenever an uncached data element is accessed. To
maximize the benefit of the block fetching mechanism, we present novel cache-aware and cache-oblivious layouts of surface and
volume meshes that improve the performance of interactive visualization and geometric processing algorithms. Based on a general
I/O model, we derive new cache-aware and cache-oblivious metrics that have high correlations with the number of cache misses
when accessing a mesh. In addition to guiding the layout process, our metrics can be used to quantify the quality of a layout, e.g.
for comparing different layouts of the same mesh and for determining whether a given layout is amenable to significant improvement.
We show that layouts of unstructured meshes optimized for our metrics result in improvements over conventional layouts in the
performance of visualization applications such as isosurface extraction and view-dependent rendering. Moreover, we improve upon
recent cache-oblivious mesh layouts in terms of performance, applicability, and accuracy.

Index Terms—Mesh and graph layouts, cache-aware and cache-oblivious layouts, metrics for cache coherence, data locality.

✦

1 INTRODUCTION

Many geometric algorithms utilize the computational power of CPUs
and GPUs for interactive visualization and other tasks. A major trend
over the last few decades has been the widening gap between proces-
sor speed and main memory access speed. As a result, system ar-
chitectures increasingly use caches and memory hierarchies to avoid
memory latency. The access times of different levels of a memory
hierarchy typically vary by orders of magnitude. In some cases, the
running time of a program is as much a function of its cache access
pattern and efficiency as it is of operation count [10].

One of the main characteristics of memory hierarchies is the use of
block fetching whenever there is a cache miss. Block fetching schemes
assume that there is high spatial coherence of data accesses that allow
repeated cache hits. Therefore, to maximize the benefit of block fetch-
ing, it is important to organize and access the data in a cache-coherent
manner. There are two standard techniques for minimizing the number
of cache misses: computation reordering and data layout optimization.
Computation reordering is performed to improve data access locality,
e.g. using compiler optimizations or application specific hand-tuning.
On the other hand, data layout optimization reorders the data in mem-
ory so that its layout matches the expected access pattern. In this paper,
we focus on computing cache-coherent layouts of polygonal and poly-
hedral meshes, in which vertices and cells (e.g. triangles, tetrahedra)
are organized as linear sequences of elements.

Many layouts and representations (triangle strips [8], space-filling
curves [24], stream [14] and cache-oblivious [30] layouts) have been
proposed for cache-coherent access. However, previous layouts have
either been specialized for a particular cache [5, 13] or applica-
tion [14, 17], including graph and sparse matrix computations [6], or
are constructive [3,7,8,20,23,30,31] with no measure of global layout
quality needed to establish optimality, relative ranking among layouts,
and criterion for driving more general optimization strategies. Further-
more, while prior metrics may be suitable for their intended applica-
tions, they are not particularly good estimators of layout quality in the
context of block-based caching.

Main Results: We propose novel metrics and methods to evalu-
ate and optimize the locality of mesh layouts. Based on a general I/O
model, we derive cache-aware and cache-oblivious metrics that corre-
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(a) row-by-row

a: 8.50, g: 4.00, c: 150

(b) MLA [9]

a: 7.67, g: 3.45, c: 114

(c) Z curve [24]

a: 8.50, g: 3.35, c: 105

(d) H curve [22]

a: 13.15, g: 2.87, c: 102

(e) Hilbert curve [24]

a: 9.92, g: 2.73, c: 100

(f) βΩ curve [29]

a: 9.88, g: 2.70, c: 95

Fig. 1. Layouts and Coherence Measures for a 16×16 Grid: a and g correspond

to the arithmetic and geometric mean index difference of adjacent vertices; c de-

notes the cut, or number of edges that straddle cache blocks. Each block except

the last contains 27 vertices. MLA is known to minimize a, and βΩ is near-optimal

with respect to g for grids. Our new cache-oblivious measure, g, correlates better

than a with the cut and, hence, the number of cache misses.

late well with the number of cache misses when accessing a mesh in a
reasonably coherent, though not specific manner. Using these metrics,
we employ a multi-level recursive optimization method to efficiently
compute cache-coherent layouts of massive meshes consisting of hun-
dreds of millions of vertices. We also observe that recursively con-
structed layouts, regardless of additional ordering criteria, in general
have good locality according to our metric.

Benefits: Our approach offers the following advantages over the
current state of the art:

• Generality: Our algorithm is applicable to any data set whose
expected access pattern can be expressed in a graph structure.

• Simplicity: Our metrics are concise and easy to implement.

• Accuracy: Our derived metrics correlate well with the observed
number of runtime cache misses. Hence our metrics are useful
for constructing good layouts.

• Efficiency: Our metrics can quickly quantify the quality of a
given layout. If according to the metric a layout already is coher-
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ent, no further work is needed to reorganize it, which saves time
and effort when dealing with very large meshes.

• Performance: Computed layouts optimized for our metrics
show performance improvements over other layouts.

We apply our cache-coherent layouts in two applications: isosur-
face extraction from tetrahedral meshes and view-dependent render-
ing of polygonal meshes. In order to illustrate the generality of our
approach, we compute layouts of several kinds of geometric models,
including a CAD environment, scanned models, an isosurface, and a
tetrahedral mesh. We use these layouts directly without having to mod-
ify the runtime application. Our layouts reduce the number of cache
misses and improve the overall performance.

2 RELATED WORK

Cache-efficient algorithms have received considerable attention over
last two decades in theoretical computer science and in the compiler
literature. These algorithms include models of cache behavior [28]
and compiler optimizations based on tiling, strip-mining, and loop
interchanging; all of these algorithms have shown to reduce cache
misses [4]. Cache-efficient algorithms can be classified as computa-
tion reordering and data layout optimization.

2.1 Computation Reordering

Computation reordering strives to achieve a cache-coherent order of
runtime operations in order to improve program locality and reduce the
number of cache misses. This is typically performed using compiler
optimizations or application-specific hand tuning.

At a high level, computation reordering methods can be classi-
fied as either cache-aware or cache-oblivious. Cache-aware algo-
rithms utilize knowledge of cache parameters, such as cache block
size [28]. On the other hand, cache-oblivious algorithms do not as-
sume any knowledge of cache parameters [10]. There is a consider-
able amount of literature on developing cache-efficient computation
reordering algorithms for specific problems and applications, includ-
ing numerical programs, sorting, geometric computations, matrix mul-
tiplication, FFT, and graph algorithms. More details are given in recent
surveys [2,28]. In visualization and computer graphics, out-of-core al-
gorithms are designed to handle massive models using finite memory,
typically by limiting access to a small, cached subset of a model. A re-
cent survey of these algorithms and their applications is given in [25].

2.2 Data Layout Optimization

The order in which data elements are stored can have a major im-
pact on runtime performance. Therefore, there have been considerable
efforts on computing cache-coherent layouts of the data to match its
anticipated access pattern. The following possibilities have been con-
sidered.

Graph and Matrix Layouts: Graph and matrix layout problems
fall in the class of combinatorial optimization problems. Their main
goal is to find a linear layout of a graph or matrix that minimizes a
specific objective function. Well known minimization problems in-
clude linear arrangement (sum of edge lengths, i.e. index differences
of adjacent vertices), bandwidth (maximum edge length), profile (sum
of maximum per-vertex edge length), and wavefront (maximum front
size; see also [14]). This work has been widely studied and an exten-
sive survey is available [6]. While potentially improving data coher-
ence, these layouts are not optimal—or necessarily good—for block-
based caching, as we shall see later.

Rendering Sequences: Modern GPUs maintain a small buffer
to reuse recently accessed vertices. In order to maximize the benefits
of vertex buffers for fast rendering, triangle reordering is necessary.
This approach was pioneered by Deering [5]. The resulting ordering of
triangles is called a triangle strip or a rendering sequence. Hoppe [13]
casts the triangle reordering as a discrete optimization problem with
a cost function dependent on a specific vertex buffer size. Several
techniques improve the rendering performance of view-dependent al-
gorithms by computing rendering sequences not tailored to a particular
cache size [3, 7, 17, 30].

Processing Sequences: Isenburg et al. [15] proposed process-
ing sequences as an extension of rendering sequences to large-data
processing. A processing sequence represents an indexed mesh as
interleaved triangles and vertices that can be streamed through main
memory [14]. Global mesh access is restricted to a fixed traversal or-
der; only localized random access to the buffered part of the mesh is
supported as it streams through memory. This representation is mostly
useful for offline applications (e.g., simplification and compression)
that can adapt their computations to the fixed ordering.

Space-Filling Curves: Many algorithms use space-filling curves
[24] to compute cache-friendly layouts of volumetric grids or height
fields. These layouts are widely used to improve the performance of
image processing [27] and terrain or volume visualization [20, 23]. A
standard method of constructing a mesh layout based on space-filling
curves is to embed the mesh or geometric object in a uniform structure
that contains the space-filling curve. Gotsman and Lindenbaum inves-
tigated the spatial locality of space-filling curves [12]. Motivated by
searching and sorting applications, Wierum [29] proposed using a log-
arithmic measure of edge length, resembling one of our new metrics,
for analyzing space-filling curve layouts of regular grids. Our results,
however, indicate that space-filling curve embedding does not work
well for meshes that have an irregular distribution of geometric primi-
tives. Recently, Yoon et al. proposed methods for cache-coherent lay-
out of polygonal meshes [30] and bounding volume hierarchies [31].
These methods are constructive in nature and require making a se-
quence of binary decisions without relying on a global measure of
locality. Hence, these methods depend on a particular optimization
framework and cannot be used to judge the quality of a layout.

3 COMPUTATION MODELS

In this section we describe an I/O model for our cache representation.
We also propose both a graph representation and probability model to
capture the likelihood of accessing mesh elements.

3.1 I/O Model

Most modern computers use hierarchies of memory levels, where each
level of memory serves as a cache for the next level. Memory hier-
archies have two main characteristics. First, lower levels are larger
in size and farther from the processor, and hence have slower access
times. Second, data is moved in blocks of many elements between
different memory levels. Data is initially stored in the lowest mem-
ory level, typically the disk. A transfer is performed whenever there
is a cache miss between two adjacent levels of the memory hierarchy.
Due to this block fetching mechanism, cache misses can be reduced by
storing in the same block data elements that are accessed together.

We use a simple two-level I/O-model defined by Aggarwal and Vit-
ter [1] that captures the two main characteristics of a memory hier-
archy. This model assumes a fast memory called “cache” consisting
of M blocks and a slower infinite memory. The size of each cache
block is B; therefore, the total cache size is M×B. Data is transferred
between the levels in blocks of consecutive elements.

3.2 Graph Representation

Our layout algorithm requires the specification of a directed graph that
represents the anticipated runtime access pattern, and in which each
node represents a data element (e.g., mesh vertex or triangle). A di-
rected arc (i, j) between two nodes indicates an expectation that node
j may be accessed immediately after node i. We chose directed graphs
to represent access patterns, in contrast to the undirected graphs used
in Yoon et al. [30], as we do not necessarily assume symmetry in node
access patterns.

Let G = (N,A) be a directed graph, where N is a set of nodes and A
is a set of directed arcs. The layout problem reduces to computing the
one-to-one mapping ϕ : N →{1, ..., |N|} of nodes to positions in the
layout that minimizes the expected number of cache misses.

We also require probabilities (as weights) for each node and arc that
represent the likelihood of accessing them at runtime. We derive these
probabilities here based on the graph structure by considering an in-
finite random walk over the graph. For each directed arc, (i, j) ∈ A,
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let Pr( j|i) denote the probability of accessing node j next, given that
i was the previously accessed node. We define P to be a probability
transition matrix whose (i, j)th element equals Pr( j|i). Furthermore,
let Pr(i) denote the probability of accessing node i among all nodes
N, and let x be the n-by-1 column vector whose ith component equals
Pr(i). Given an initial state of node access probabilities, we update
each node’s probability in x by traversing the node’s outgoing arcs,
each with probability of access Pr( j|i). This update is equivalent to

premultiplying x by PT . If applied repeatedly, x will ultimately con-
verge to a stable equilibrium

x = PT x (1)

of node access probabilities, and we are interested in finding this con-
figuration. It should be clear that a vector x that satisfies this criterion
is an eigenvector of PT with a corresponding eigenvalue equal to one.

Finally, we define Pr(i, j) to be the probability of accessing a node
j from another node i in the equilibrium state (i.e. the probability of
accessing the arc (i, j) among all arcs A):

Pr(i, j) = Pr(i)×Pr( j|i) (2)

Specialization for Meshes: We specialize the probability com-
putations for meshes by assuming that given a mesh vertex i we are
equally likely to access any of its neighboring vertices via traversal of

an out-going arc. Therefore, Pr( j|i) = 1
deg(i)

if i and j are adjacent,

and equals zero otherwise. Here deg(i) is the out-degree of vertex i
(for meshes the in-degree equals the out-degree). Using eigenanalysis

we can then show that Pr(i) =
deg(i)
|A| (see Appendix A). That is, the

probability of accessing a vertex is proportional to its degree. As a re-

sult, according to Eq. (2) we have Pr(i, j) = 1
|A| . In other words, each

edge in the mesh is equally likely to be accessed.
A mesh layout consists of a pair of independent linear sequences

of vertices and cells. The vertex layout requires a directed graph,
G = (N,A), where N is the set of mesh vertices and A is a set of arcs
representing a likely access pattern. For simplicity, we choose A to be
the set of mesh edges in our applications. For applications such as col-
lision detection that require geometric coherence, we may optionally
include additional arcs that join spatially nearby elements. The layout
of cells can be constructed in a similar manner, e.g. by considering the
edges in the dual graph. From here on, we use the term layout to refer
to the vertex layout for the sake of clarity.

4 CACHE-AWARE LAYOUTS

In this section we derive cache-aware metrics based on our computa-
tion models and describe an efficient layout algorithm. Our goal is to
compute the expected number of cache misses when accessing a node
by traversing a single arc. Since in our framework arcs are equally
likely to be accessed, this measure generalizes trivially to any number
of accesses. We consider two cases of this problem: the cache consists
of exactly one block (M = 1), or of multiple blocks (M > 1).

4.1 Single Cache Block, M = 1

Since the cache can only hold one block, a cache miss occurs whenever
a node is accessed that is stored in a block different from the cached
block. In other words, a cache miss is observed when we traverse
an arc, (i, j), and the block containing node j is different from the
block that holds i. Therefore, the expected number of cache misses,
ECMB

1 (ϕ), of a layout, ϕ , for a single-block cache with block size B
nodes can be computed as:

ECMB
1 (ϕ) = ∑

(i, j)∈A

ϕB(i)6=ϕB( j)

Pr(i, j) =
1

|A| ∑
(i, j)∈A

S(|ϕB(i)−ϕB( j)|) (3)

where ϕB(i) =
⌈ϕ(i)

B

⌉

denotes the index of the block in which i resides
and S(x) is the unit step function S(x) = 1 if x > 0 and S(x) = 0 other-

wise. Intuitively speaking, ECMB
1 (ϕ) is the number of arcs whose two

nodes are stored in different blocks, i.e. the cut, divided by the total
number of arcs in the graph.

Layout algorithm: Constructing a layout optimized for
ECMB

1 (ϕ) reduces to a k-way graph partitioning problem. Each

directed arc has a constant weight, 1
|A| , and we partition the input

graph into k = ⌈ n
B⌉ different sets of vertices. Since graph partitioning

is an NP-hard problem, we rely on heuristics. One good heuristic
is the multi-level algorithm implemented in the METIS library [18].
Once the directed graph is partitioned, the ordering among blocks and
the order of vertices within each block do not matter in our I/O model.

4.2 Multiple Cache Blocks, M > 1

We now assume that the cache holds multiple blocks. As in the single-
block case, a cache miss can occur only when we traverse an arc, (i, j),
that crosses a block boundary, i.e., ϕB(i) = Bi 6= B j = ϕB( j). How-
ever, unlike the single-block case, block B j may already be stored in
the cache when we access j. Therefore, to compute the expected num-
ber of cache misses for a multi-block cache, we must also consider the
probability, Prcached(B j), that B j is cached among the M blocks.

In theory, Prcached(B j) can be computed by exhaustively generating
all possible access patterns for which B( j) is already cached when
we access j from i. Such block access patterns take on the form
(B j, . . . ,Bi,B j), where at most M different blocks are accessed before
B j is accessed the second time. Then, the expected number of cache

misses, ECMB
M(ϕ), for M > 1 cache blocks of a layout, ϕ , is:

ECMB
M(ϕ) = ∑

(i, j)∈A

ϕB(i)6=ϕB( j)

Pr(i, j)(1−Prcached(ϕ
B( j)) (4)

Approximation: Unfortunately, generating all possible block ac-
cess patterns is prohibitively expensive because of its exponential
combinatorial nature. Furthermore, we found that it is not feasible to
approximate Prcached(B j) within an error bound without considering
a very large number of access patterns. However, we conjecture that
there is strong correlation between ECMB

1 (ϕ) and the observed num-

ber of cache misses, OCMB
M , for multiple blocks, which ECMB

M(ϕ) is
designed to capture. To support this conjecture, we computed ten dif-
ferent layouts of a uniform grid (Fig. 4) and measured the number of
cache misses incurred in a LRU-based cache during a random walk be-
tween neighboring nodes. We performed walks long enough until the
observed number of cache misses, OCMB

1 , for a single-block cache

correlated well (R2 > 0.99) with our estimate ECMB
1 . In this case,

the correlation between ECMB
1 and OCMB

M , for a multi-block cache

(M = 5 and M = 52) was observed to be very high (R2 = 0.97).

Note that there is, however, a pathological case that suggests that
our conjecture is not always valid. To illustrate this, we first compute
a spectral layout, ϕspectral , and a cache-aware layout, ϕaware, opti-
mized for a single block. We modify ϕaware to produce a new lay-
out, ϕrandom, by performing a series of random swaps of two adjacent
nodes from different blocks until ϕrandom has the exact same edge cut
as ϕspectral . Although the two layouts, ϕspectral and ϕrandom, have

the same value for ECMB
1 , we observed that ϕrandom results in many

fewer cache misses for multi-block caches. We attribute this result to
the fact that it does not take many local swaps to rapidly boost the
edge cut. However, these swaps do not adversely affect locality since
they generally increase only the connectivity between already adjacent
cache blocks (i.e. blocks spanned by crossing arcs) that are likely to
be cached together in a multi-block cache.

5 CACHE-OBLIVIOUS LAYOUTS

A cache-oblivious layout allows good performance across a wide
range of block and cache sizes, which is important due to the hierarchi-
cal nature of most cache systems, as well as for portability across plat-
forms with different cache parameters. In this section we present our
cache-oblivious metric that measures the expected number of cache
misses for any block size B. For a single-block cache, we derive two
metrics: one with no restriction on B, and one that restricts B to be a
power of two. We conclude by briefly discussing multi-block caches.
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5.1 Single Cache Block, M = 1

We now relax the assumption of B being a particular block size and
consider metrics optimized for many (even an infinite number of)
block sizes. We first assume that the cache holds only a single block.

In Sec. 4.1, we derived a cache-aware metric ECMB
1 for a single-

block cache with fixed block size B. We here generalize this metric
by considering all possible block sizes B, each with its own likelihood
w(B) of being employed in an actual cache. Clearly w(B) is difficult to
estimate in practice, but we will consider some reasonable choices be-
low. We then express our single-block cache-oblivious metric, ECM1,
in terms of the cache-aware metric, ECMB

1 :

ECM1(w,ϕ) =
t

∑
B=1

w(B)ECMB
1 (ϕ)

=
1

|A| ∑
(i, j)∈A

t

∑
B=1

w(B)S(|ϕB(i)−ϕB( j)|)

(5)

where t is the maximum block size considered.

Assumptions: For simplicity, we will assume that a layout may
start anywhere within a block with uniform probability.1 Hence we
replace the binary step function S(x) with the probability Prcross(ℓi j,B)
that an arc (i, j) of length ℓi j = |ϕ(i)−ϕ( j)| crosses a block boundary.
We have (see Appendix B):

Prcross(ℓ,B) =

{

1 if B ≤ ℓ
ℓ
B otherwise

(6)

Eq. (5) then becomes:

ECM1(w,ϕ) =
1

|A| ∑
(i, j)∈A

(

ℓi j

∑
B=1

w(B)+
t

∑
B=ℓi j+1

w(B)
ℓi j

B

)

≈
1

|A| ∑
(i, j)∈A

(∫ ℓi j

0
w(B)dB+

∫ t

ℓi j

w(B)
ℓi j

B
dB

)

(7)

where we have used integrals to approximate summations in order
to simplify the math. One can show that this approximation intro-
duces a negligible error. Finally, we will attempt to present our
metrics in their simplest form, e.g. scaling or addition of constants
can be factored out without affecting the relative ranking among lay-
outs reported by a metric. More generally, we consider ECM and
f (ECM) equivalent metrics as long as f is monotonically increasing,
i.e. ECM(ϕ) < ECM(ϕ ′) ⇒ f (ECM(ϕ)) < f (ECM(ϕ ′)) Note that
we make such simplifications only to the final metric value of ECM
and not to terms like ℓ and w that make up a metric.

5.2 Arithmetic Progression of Block Size

Without further information, perhaps the most natural choice for w is

to assume that each block size is equally likely, i.e. wa(B) = 1
t . Stated

differently, we assume that the block size is drawn uniformly from an
arithmetic sequence B ∈ {k}t

k=1. We have:

ECM1(wa,ϕ) ≈
1

|A| t ∑
(i, j)∈A

(∫ ℓi j

0
dB+

∫ t

ℓi j

ℓi j

B
dB

)

=
1

|A| t ∑
(i, j)∈A

ℓi j(1+ log t − logℓi j)

(8)

As t grows, 1 + log t − logℓi j approaches log t. After proper scaling,
we arrive at our arithmetic cache-oblivious metric, COMa:

COMa(ϕ) =
1

|A| ∑
(i, j)∈A

ℓi j (9)

1This is not unrealistic; e.g. a call to malloc may return an address not

aligned with a memory page or lower level cache block. Furthermore, we can

show that this assumption is not needed if the mesh is large enough.
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Fig. 2. Arc Length Dependence of Cache-Oblivious Metrics: These curves

show the per-arc penalty as a function of arc length. Our geometric metric, COMg,

places a large premium on very short arcs while de-emphasizing small differences

in long arcs, whereas our arithmetic metric, COMa, prefers layouts with a more

uniform arc length.

Note that COMa is the arithmetic mean arc length, or equivalently the
metric for linear arrangement. Therefore, the optimal layout COLa for
this metric is the well-known minimum linear arrangement (MLA) [6].

5.3 Geometric Progression of Block Size

The assumption that all block sizes are equally likely and should be
weighed uniformly is questionable. First, this diminishes the impor-
tance of small block sizes since we may include arbitrarily many large
block sizes by increasing t. Second, the hierarchical relationship be-
tween nested cache levels is often geometric, which suggests that we
should optimize for cache block sizes at different scales, and not par-
ticularly for every possible block size. Indeed, most block sizes em-
ployed in practice are a power-of-two bytes (e.g., 32B for L1, 64B for
L2, 4KB for disk blocks). We thus consider block sizes drawn uni-

formly from a geometric sequence B ∈ {2k}
lg t
k=0:

ECM1(wg,ϕ) ≈
1

|A| lgt
∑

(i, j)∈A

(∫ lgℓi j

0
dk +

∫ lg t

lgℓi j

ℓi j

2k
dk

)

=
1

|A| logt
∑

(i, j)∈A

(∫ ℓi j

1

1

B
dB+

∫ t

ℓi j

ℓi j

B2
dB

)

=
1

|A| logt
∑

(i, j)∈A

(

logℓi j +1−
ℓi j

t

)

(10)

We note that our restriction on block size is equivalent to using a

weight function wg(B) = 1
B over all block sizes. As t grows, we reach

our geometric cache-oblivious metric, COMg:

COMg(ϕ) =
1

|A| ∑
(i, j)∈A

logℓi j = log

(

(

∏
(i, j)∈A

ℓi j

)
1

|A|

)

(11)

The right-hand side expression is the logarithm of the geometric mean
arc length. Since logx is monotonic, we may optionally use the geo-
metric mean directly as cache-oblivious metric, as is done in Fig. 1.
From here on, we will however include the logarithm when evaluating
COMg. For simplicity of presentation, we here consider only power-
of-two-byte blocks and single-byte nodes, however one can show that

any geometric sequence B ∈ {bk/m}k with base b and node size m
leads to the same metric COMg.

5.4 Properties

Fig. 2 shows how the metrics COMa and COMg change as a function
of arc length for a single arc. This graph shows that COMg puts a
big premium on very short arcs, and does not excessively penalize
long arcs. This is justified by the fact that once an arc in a layout is
long enough to cause a cache miss, lengthening it will not drastically
increase the probability of cache misses.

We note that COMg and COMa are instances of the power mean,

Mp = lim
q→p

(

1
|A| ∑(i, j)∈A ℓ

q
i j

)1/q
, with p = 0 and p = 1, respectively.

Equivalently, our new measure, COMg, can be viewed as an exten-
sion of the well-known p-sum [16] family of graph theoretic measures
that includes linear arrangement (p = 1), discrete spectral sequencing
(p = 2), and bandwidth (p = ∞) [6]. Although the case 0 < p < 1 is
considered in [21], we are not aware of prior work for which p = 0.
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Fig. 3. Cache Misses vs. Cache Block Size: We simulated LRU-based caching

for several block sizes and measured the number of cache misses during random

walks between adjacent vertices of the dragon mesh using layouts optimized for

our two metrics. The arithmetic layout results in better performance for block sizes

between 196KB and 8MB, or 97% of the full range of block sizes considered here.

On the other hand, the geometric layout causes fewer cache misses in 73% of all

tested power-of-two-byte block sizes.

5.5 Validation

We derived two cache-oblivious metrics for different assumptions on
cache block sizes. To determine whether the two metrics correlate
with the actual number of cache misses, we performed a validation
test on the dragon model. First we computed two different layouts:
an arithmetic layout, COLa, and a geometric layout, COLg, optimized
for our two metrics. Then, we performed random walks on the mesh
and measured the number of cache misses for a range of block sizes.
As can be seen in Fig. 3, COLg results in fewer actual cache misses
over most (73%) of the tested power-of-two block sizes, although the
range of block sizes over which COLa performs better is much wider
(97%). (This is not readily evident from Fig. 3 due to the logarithmic
scale.) Hence, when considering also all possible non-power-of-two
block sizes, we expect COLa to perform better on average. Because
cache block sizes employed in practice are often nested powers-of-two
bytes, a layout optimized for COMg is likely to be useful in practice.

As an additional sanity check, we evaluated our COMg metric
on several layouts of a uniform grid (Fig. 4). We computed βΩ-
indexing [29], Hilbert, Z-curve [24], H-order [22], MLA [9], row-by-
row, and diagonal-by-diagonal layouts of a 256× 256 uniform grid
(see also Fig. 1). We measured the actual number of cache misses
during random walks for a 4KB single-block cache. We found strong
correlation, R2 = 0.98, between the value of COMg and the observed
number of cache misses for this experiment.

According to COMg, layouts with increasing space-filling structure
have better locality. We exhaustively searched for the layout of a 4×4
grid that minimizes COMg and found the βΩ space-filling curve [29]
to be the optimum, closely followed by the Hilbert curve, confirming
conventional wisdom. For an 8×8 grid, we had to restrict our exhaus-
tive search to recursive layouts due to combinatorial explosion of the
search space. Here again we found βΩ to be optimal; for all 2n × 2n

grids investigated we have not found any other space-filling layout
with lower COMg. By considering non-recursive layouts produced by
an alternative (non-exhaustive) optimization method, we have however
found layouts slightly better than βΩ for 8×8 and larger grids.

5.6 Layout Algorithms

To construct layouts optimized for COMa, we may use existing MLA
layout algorithms. The MLA problem is known to be NP-hard and
its decision version is NP-complete [11]. However its importance
in many applications has inspired a wide variety of approximations
based on heuristics, including spectral sequencing [16]. A more di-
rect, multi-level algorithm for MLA is presented in [19]. Since lay-
outs minimizing COMa are not practically useful for our purpose, we
do not further consider them here.

To minimize COMg, we propose using a minor variation on the
multi-level recursive layout algorithm from [30] that is based on graph
partitioning and local permutations. This algorithm recursively par-
titions a mesh into k (e.g., k = 4) vertex sets using METIS [18] and
computes the locally best ordering of these k sets among all k! permu-
tations. The process is repeated until each set contains a single vertex.

Note that contrary to the layouts in [30], which depend on a partic-
ular constructive algorithm, our global metrics allow us to apply other
optimization methods, e.g. based on simulated annealing, genetic al-
gorithms, steepest decent, etc. We have, however, found the multi-

COMg CMR, M=1 CMR, M=5 COMa

0

0.2

0.4

0.6

0.8

1

N
o

rm
a

liz
e

d
 v

a
lu

e
s

Uni-diag
Bi-diag
Uni-row
Bi-row
MLA [21]

COLg
Z-curve [24]
H-order [22]
Hilbert [24]
BetaO [30]

Fig. 4. Correlation between Cache Misses and Our Metrics: We computed

ten layouts of a 256× 256 grid and measured the values of COMg and COMa and

the number of cache misses incurred during random walks on the grid. We found

that COMg and the number of cache misses for a single-block and multi-block

(M = 5) cache correlated well, with correlation coefficients R2 = 0.98 and R2 = 0.81,

respectively. COMa, on the other hand, did not predict cache misses well, with

R2 = −0.19 and R2 = −0.32, respectively. For this parallel-coordinates plot we

linearly mapped each quantity to the interval [0,1]. In the row-by-row and diagonal-

by-diagonal layouts, uni- indicates that we traverse each row/diagonal from left to

right; bi- indicates that we alternate direction. CMR denotes cache miss ratio.

level recursive method to be quite effective for minimizing COMg,
which can be explained by this metric’s goal to measure locality at dif-
ferent scales. That is, optimally partitioning a mesh into k sets amounts
to computing a cache-aware layout for a block size n

k . Indeed, even
when not applying any local permutations, i.e. by randomly ordering
nodes within each set, we observed that the resulting layouts yield only
5% more cache misses than layouts locally optimized for COMg.

5.7 Multiple Cache Blocks, M > 1

We can derive a multi-block cache-oblivious metric ECMM based on
the corresponding cache-aware metric ECMB

M as we did for the single-

block case. But since evaluating ECMB
M is computationally infeasible,

we again must resort to using the single-block metric ECM1 as an
approximation. As evidenced by Fig. 4, we obtain good correlation
(R2 = 0.81) between COMg and the observed number of cache misses
when using a cache with multiple blocks.

6 EVALUATING LAYOUTS

In this section we propose two simple ways of evaluating the quality
of layouts using our metrics. If a layout is deemed to be good, it can
be used without expensive reordering, which is especially useful for
massive meshes with millions of vertices. While our cache-aware and
geometric cache-oblivious metrics allow ranking different layouts of
a graph or mesh, it is not obvious how to map the numerical values
they report for a single layout to some notion of absolute quality or
closeness to optimality. If a tight lower bound for either of these two
metrics is known for a graph, we can compare this bound with the met-
ric value of the layout to determine its quality. Unfortunately, no such
bound for general graphs or meshes is known. However, empirical ev-
idence suggests that for optimized layouts of unstructured triangle and
tetrahedral meshes with bounded vertex degrees, COMg depends only
on the average vertex degree and not on mesh size. For ten bench-
mark triangle meshes, spanning 35K to 880K vertices and optimized
for COMg, we observed the geometric mean edge length to fall in the
narrow range 4.48–4.87. While pathological cases can be constructed
for which this measure is unbounded with respect to mesh size, we
hypothesize that mesh layouts with geometric mean close to the aver-
age degree are sufficiently near optimal to be quite useful in practice.
Future work is needed to investigate this hypothesis in more detail.

An alternative, albeit more expensive, approach to measuring lay-
out quality, is to compare a given layout, ϕ , with the optimized layout,
ϕ∗, constructed by our cache-aware or cache-oblivious layout meth-
ods. Since the goal of this comparison is primarily to avoid lengthy
optimization, we limit the evaluation to a small subgraph, G′, extracted
from the input graph, G, and optimize only the layout ϕ∗ for G′. We
present our algorithm for constructing G′ below.

6.1 Algorithm

We compute a small subgraph, G′ = (N′,A′), of an input graph,
G = (N,A), with N ′ ⊆ N and A′ = {(i, j) ∈ A : i, j ∈ N ′}. Our algo-

rithm requires at most two parameters: a ratio, p =
|N ′|
|N| , that specifies
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(a) Spx tetrahedral mesh (b) Extracted isosurface

Fig. 5. Isosurface Extraction: We measured the performance of isosurface ex-

traction from unstructured tetrahedral meshes. Using our cache-oblivious layout of

the Spx volume mesh with 140K vertices, we were able to reduce cache misses by

5%–50% compared to other layouts. Moreover, our cache-oblivious layout yields

only less than 2% fewer cache misses compared to our cache-aware layout.

the target subgraph size |N ′|, and for the cache-aware case the block
size, B. For efficiency, p should be small, e.g., 0.1%–1%.

Our evaluation algorithm has two major steps: 1) sampling the in-
put graph and 2) constructing an optimized layout of the sampled sub-
graph.

1. Sampling the input graph: We first randomly select a start
node in the input graph and add it to the subgraph. In order to obtain
a subgraph that well reflects the quality of the full layout, ϕ , and that
allows capturing the cache behavior of a probable sequence of succes-
sive accesses to the graph, we construct connected subsets of G via
breadth-first region growing from the start node and add all visited
nodes to the subgraph. We also add to the subgraph all the arcs from
A that join nodes in N ′. We continue growing until the total number
of nodes in the subgraph is about k times (e.g., k = 5) the block size,
B. If B is not specified, as in the cache-oblivious case, we simply set
B to be 8KB, which is commonly used for large page sizes of virtual
memory.

Once the region growing stops, we add for each node i∈N ′ all other
nodes that map to the same cache block as i. We do this to avoid having
to account for intra-block “holes” in the layout that might otherwise be
unfairly utilized in the optimized layout. This also ensures that we do
not accidentally miss cut edges between sampled blocks with respect
to the cache-aware metric. We do, however, allow for holes due to un-
sampled blocks since for incoherent layouts there could be arbitrarily
many such blocks. We then repeat step 1, randomly selecting a new
start node, until the number of nodes |N ′| is close to p|N|.

2. Constructing an optimized layout of the subgraph: We ap-
ply our cache-aware or cache-oblivious layout algorithm to construct
a new layout, ϕ∗, of the subgraph and evaluate the chosen metric for
ϕ∗ and ϕ . We simply use these numbers to approximate the expected
numbers of cache misses of the input layout and the optimized layout
for the full graph. If there is big difference between these estimates for
the subgraph, it is likely beneficial to compute an improved layout of
the full graph using our layout algorithm.

We used this approach to quickly evaluate the original layouts of
our benchmark models. Even for the largest meshes, our approximate
method takes less than 10 seconds. We found that we are able to pre-
dict the metric values of these full layouts within 15% error using sub-
graphs of only 6K–40K vertices, even though the original meshes have
as many as tens of millions of vertices.

7 RESULTS

In this section we highlight the performance improvements obtained
using our cache-coherent layouts in two different applications: iso-
surface extraction and view-dependent rendering. We implemented
our layout computation algorithm on a 2.8GHz Pentium-4 PC with
1GB of RAM. We used the METIS graph partitioning library [18]
to compute our cache-aware and cache-oblivious layouts. Also, our
metric has been integrated into OpenCCL, an open source library for
the layout computation. Our current unoptimized implementation of
the out-of-core layout computation, based in large part on the method
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Fig. 6. Comparison with Different Layouts in Iso-Surface Extraction: We com-

pared our cache-aware (CAL) and cache-oblivious (COLg) layouts with breadth-first

(BFL), depth-first (DFL), Z-curve, spectral (SL), cache-oblivious mesh (COML),

and geometrically sorted layout along the X-axis. We simulated a LRU-based

cache with a block size of 4KB and measured cache misses during isosurface ex-

traction from the Spx model shown in Fig. 5. We also measured the out-of-core

running time of extracting the surface from disk (OoC) and a second time from

memory (IC). Due to the different scales, each quantity is normalized to the unit

interval. We observe that our geometric cache-oblivious metric has strong corre-

lation with both cache misses and running time. CMR indicates cache miss ratio.

in [30, 32], processes about 15K triangles per second, which is com-
parable in speed to other out-of-core layout methods [14, 30].

Inducing a Layout: In order to reduce the layout computation
time, we compute only one of the vertex and triangle layouts and in-
duce the other layout rather than computing the layouts separately.
First, we construct a vertex layout since the number of vertices is typ-
ically smaller than the number of triangles. Hence, the processing
time of a vertex layout is smaller than that of a triangle layout. Then,
as we access each vertex of the vertex layout, we sequentially store
all triangles incident on the vertex that have not already been added to
the triangle layout. We found that using the induced layouts at runtime
causes a minor runtime performance loss—in our benchmark, less than
5%—compared to using layouts that are computed separately.

7.1 Isosurface Extraction

The problem of extracting an isocontour from an unstructured dataset
frequently arises in geographic information systems and scientific vi-
sualization. Many efficient isosurface extraction methods employ seed
sets [26] to grow an isosurface by traversing only the cells intersecting
the isosurface. The running time of such an algorithm is dominated
by the traversal of the cells intersecting the contour. We efficiently
extract an isosurface from a seed cell by making a depth-first traver-
sal, thereby accessing the volume mesh in a reasonably cache-coherent
manner.

7.1.1 Comparison with Other Layouts

We compared the performance of the isosurface extraction algorithm
on the Spx volume mesh (Fig. 5) consisting of 140K vertices and 820K
tetrahedra. We stored the volume mesh using eight different layouts
(see Fig. 6). We measured cache misses during two invocations of the
same isosurface extraction. During the first extraction, we ensured that
no part of the model was cached in main memory; therefore, loading
the data from disk was the major bottleneck. During the second ex-
traction of the same isosurface, all the data was already loaded into
main memory; therefore, L1 and L2 cache misses dominated. As seen
in Fig. 6, we observe strong correlations between our geometric cache-
oblivious metric and both cache misses and running times of the iso-
surface extraction. Moreover, our cache-oblivious layout yields only a
slight performance decrease compared to our cache-aware layout op-
timized for a block size of 4KB. Our layouts furthermore result in up
to two times speedup over the other layouts.

7.2 View-dependent rendering

View-dependent rendering is frequently used for interactive display of
massive models. These algorithms precompute a multiresolution hier-
archy of a large model, and at run time dynamically simplify the model
as long as the desired pixels of error (PoE) tolerance in image space
is met. We use the clustered hierarchy of progressive meshes (CHPM)
representation from [32] for view-dependent rendering. The CHPM-
based view-dependent method is fast and most of the frame time is
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Fig. 7. View-Dependent Rendering of Bunny Model: The ACMRs of our cache-

oblivious layout (COLg) are close to the lower bound on ACMR. COLg consistently

outperforms universal rendering sequences (URS), cache-oblivious mesh layout

(COML), and Hoppe’s rendering sequences (HRS) at cache sizes 8 and 64; HRS

is optimized for a cache size in the range 12–16.

spent rendering the simplified model. We precomputed different lay-
outs and compared their cache performance for three different models,
including a CAD environment of a power plant consisting of 12 mil-
lion triangles, the Stanford bunny model, and a subset of the LLNL
Richtmeyer-Meshkov isosurface model consisting of 100M triangles.

To compare the cache performance of different layouts during view-
dependent rendering, we use the average cache miss ratio (ACMR),
which is defined as the ratio of the number of vertex cache misses to
the number of rendered triangles for a particular vertex cache size [13].
To verify the cache-oblivious nature of our layouts, we also simulated
a FIFO vertex cache of configurable size and measured the ACMR as
a function of cache size.

7.2.1 Comparison with Other Layouts

We compared our cache-oblivious layout with universal rendering se-
quences (URS) [3], Hoppe’s rendering sequences (HRS) [13], em-
bedding using a Z-order space-filling curve, and Yoon et al.’s cache-
oblivious mesh layouts (COML) [30]. HRS is considered a cache-
aware layout since it is optimized for a given cache size and replace-
ment policy. On the other hand, the Z-curve, URS, and COML are
considered cache-oblivious layouts since they do not take advantage
of any cache parameters.

Fig. 7 shows ACMRs of different rendering sequences for the Stan-
ford bunny model. Since the number of triangles in the model is
roughly twice the number of vertices, the ACMR is within the interval

[0.5,3]. Moreover, it is possible to compute a lower bound 0.5+O( 1
k )

on the ACMR, where k is the size of vertex cache [3]. As can be
seen, the ACMRs of our layout are close to the lower bound and con-
sistently lower than those of URS and COML among all tested cache
sizes. Although our layout yields more cache misses at cache size 16
than HRS, which is optimized for this size, our layout shows superior
performance at cache sizes 8 and 64. This is greatly due to the cache-
oblivious nature of our layouts, which achieve good performance over
a wide spectrum of cache sizes rather than one particular size. These
observed results also correlate with cache miss estimates reported by
our COMg metric, which for the bunny model predict our layout to be
5%, 17%, and 31% better than COML, HRS, and URS, respectively.
We observed similar results on the isosurface model.

Fig. 8 shows ACMRs for rendering the power plant model, which
has a very irregular geometric distribution, using our layout and others,
including the Z-curve. Since space-filling curves mainly retain locality
between mesh elements if their geometric distribution is regular, we
would not expect the Z-curve layout to result in good performance
on this irregular mesh. As evidenced, our layout consistently yields
better performance than the Z-curve and the other layouts. This is
correctly predicted by our COMg metric, which estimates our layout
to be 5%, 29%, and 241% better than COML, HRS, and the Z-curve,
respectively.

Finally, we measured ACMRs of COLg and HRS at a cache size of
32 as we decreased the resolution of the mesh by “subsampling” ver-
tices and triangles via edge collapse operations. The relative positions
of surviving elements were retained in the simplified meshes. Since
our COLg layout maintains locality at multiple scales, it is likely to be
coherent in the simplified mesh. As expected, Fig. 9 shows our layout
to be more robust to simplification than HRS, which is optimized only
for the finest mesh resolution.
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Fig. 8. View-Dependent Rendering of Power Plant Model: Our new cache-

oblivious layout (COLg) consistently performs better than the Z-curve, Hoppe’s ren-

dering sequences (HRS), and Yoon et al.’s cache-oblivious mesh layout (COML)

on the power plant model, which has an irregular geometric distribution.
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7.3 Comparison with COML

The cache-oblivious mesh layouts (COML) proposed by Yoon et
al. [30] bear many similarities with ours, in particular with respect to
performance. Whereas we consistently achieve modest performance
improvements over COML, our main motivation for extending their
work was their lack of a global measure of layout coherence, which
manifests itself as a number of limitations. COML makes use of a lo-
cal probabilistic measure of coherence that allows making decisions
whether a local permutation of a small number of vertices is likely or
not to reduce the number of cache misses. This measure does not ex-
tend to a whole mesh, and it does not satisfy transitivity. Suppose that a
local permutation, A, is deemed better than another local permutation,
B, and B is better than another a permutation, C. However, according
to the COML measure, A is not necessarily better than C. For these
two reasons, the COML measure cannot be used to evaluate and com-
pare the quality of layouts. On the other hand, our new measure is
global and transitive, and furthermore correlates with expected cache
misses. And because this measure is global and easy to compute, it can
be easily integrated into layout computation frameworks other than the
one presented here. Finally, we started from a general I/O model from
which both cache-aware and cache-oblivious measures emerged. It is
not obvious that COML lends itself to computing cache-aware layouts
since it fundamentally does not incorporate cache parameters.

7.4 Limitations

While in many respects an improvement over COML, our new ap-
proach still has several limitations. Our layout quality estimation tech-
nique considers only a subset of a mesh, and may not be indicative of
quality for unsampled portions. The greedy and recursive multi-level
method we use for mesh layout is not likely to find a true optimum, and
may not even compute a layout better than the input layout. Moreover,
our multi-level method relies heavily on the METIS graph partitioning
algorithm, which itself is based on heuristics. Therefore, the partition-
ing results may be far from optimal, as evidenced for example when
applied to a uniform grid. Here the cache-oblivious layouts produced
with METIS and our metric result in up to 60% more cache misses
than achieved by space-filling curves, which in a sense provide op-
timal partitions of such grids. Our layouts furthermore help perfor-
mance primarily in applications where the running time is dominated
by data access. Finally, we require the specification of a graph to rep-
resent a typical access pattern. Whereas the connectivity structure of a
mesh can often be used to define this graph, certain applications may
need a different set of nodes, arcs, or access probability assignments
than those automatically generated by our method.
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8 CONCLUSION AND FUTURE WORK

We have presented novel cache-aware and cache-oblivious metrics for
evaluating the layout quality of unstructured graphs and meshes. We
based our metrics on a two-level I/O model. Our cache-aware metric
is reduced to counting the number of arcs whose nodes are stored in
different cache blocks. For the cache-oblivious case, we derived two
different metrics based on different assumptions on what cache block
sizes may be used for caching. When applied equally to all possible
block sizes, our cache-oblivious metric reduces to the graph-theoretic
metric for minimum linear arrangement. When only power-of-two
block sizes are considered, our cache-oblivious metric is a function
of logarithmic arc length. Equivalently, these metrics correspond to
arithmetic and geometric mean arc length. We show that there is good
correlation between our metrics and the number of observed cache
misses for two different visualization applications. Moreover, we im-
prove the performance of these applications by 5%–100% over several
other common layouts.

There are many avenues for future work. In addition to address-
ing some of the limitations of our current approach, we are working
on mesh compression schemes to further reduce expensive I/O access
time. One major challenge is to design a compression method that
both preserves the mesh layout and supports random access so that a
mesh can be accessed using a coherent but not predetermined traver-
sal. Another challenge would be to extend our current approach to
support maintaining coherent layouts of non-static mesh connectivity,
e.g. due to animation, simplification, or refinement. There is consid-
erable room for exciting theoretical work on the properties of our new,
simple cache-oblivious metric, such as proving what layouts are op-
timal for 2D and 3D grids, and whether our metric produces similar
“space-filling” optimal layouts for unstructured meshes. Finally, we
expect our metric to have uses in applications other than visualization,
such as acceleration of shortest path and other graph computations.

A EIGENANALYSIS FOR MESHES

Let x be a column vector with ith component xi = Pr(i) =
deg(i)
|A| . Then,

x is an eigenvector of the probability transition matrix, PT , since:

(PT x)i = ∑
j∈N

Pr( j|i)Pr( j) = ∑
j : ( j,i)∈A

1

deg( j)

deg( j)

|A|
= ∑

j : ( j,i)∈A

1

|A|
=

deg(i)

|A|
= xi

Therefore, xi is the stationary probability Pr(i) that node i is accessed.

B EXPECTED EDGE CUT

Consider an edge of length ℓ. The two nodes of the edge are always
stored in different blocks when B ≤ ℓ, irrespective of where within a
block the layout starts. Now consider the case B > ℓ. There are ℓ
different positions for which the edge crosses a block boundary, and
B different positions at which the layout may start. Therefore, the

probability Prcross(ℓ,B) that the edge crosses a block boundary is ℓ
B .
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